
 

 

 

 

Technical Report:  
Regression analysis of 2021-22 National Survey for Wales results 

This report sets out our basic approach to logistic regression analysis of National Survey results. 

The first section gives brief details of the approach we have used; the annex contains details of 

the regression models that we have produced.  

Regression analysis  

Regression analysis goes beyond descriptive statistics in which the relationship between one 

independent and one dependent variable is explored. Whilst descriptive statistics are quick 

and easy to produce and the findings can be useful, they don’t take account of the 

complicated relationships between variables. Regression analysis allows for the relationship 

between an explanatory variable and the outcome variable to be examined whilst at the 

same time taking into consideration other explanatory variables that have an effect on the 

outcome. 

The analysis we have used for most survey outcomes is binary logistic regression. Logistic 

regression is used as it is suitable when looking at categorical outcomes (which is the form 

taken by most National Survey variables). While it is possible to conduct multinomial logistic 

regression with multiple categorical outcomes, we usually use logistic regression with binary 

outcomes (e.g. ‘satisfied with visit to GP’ vs. ‘not satisfied’) in order to increase ease of 

understanding. Outcome variables with more than two outcomes are coded into a binary 

format prior to regression analysis (for example, merging ‘very satisfied’ and ‘fairly satisfied’ 

together to form a ‘satisfied’ category). Logistic regression is then used to predict the 

likelihood of being in a particular category based on the values of the independent variables 

(predictors). 

Procedure  

Backwards logistic regression is used in order to create the final models. Firstly, the 

dependent variable and all other relevant variables are investigated using descriptive 

statistics. Those that are insignificant predictors at the 0.05 level are dropped. All of the 

remaining significant variables are placed in the initial model. The contribution of each 

variable is assessed by looking at the significance value of the t-test for each predictor. The 

variable with the highest p-value is removed, and the procedure repeated, until only the 

variables that are significant at the 0.05 level are included. There are multiple different ways 

in which variables could be entered into the model. We usually use backwards selection as 

forward approaches often allow for important variables to be missed due to other variables 

being entered into the model first (“suppressor effects”). 

Multicollinearity 

Many of the variables collected in the National Survey are correlated with one another. 

Multicollinearity (also known as collinearity) is where one or more explanatory variables in a 



regression model are highly correlated such that they linearly predict each other with a high 

degree of accuracy. However, a key assumption of multivariate regression is that explanatory 

variables are not too highly correlated with one another. Too high a degree of correlation 

between predictor variables in a regression model can affect the stability and interpretation of 

the regression estimates. Therefore, the variables included in the model are tested for 

multicollinearity. 

High multicollinearity can be assessed using the variance inflation factor (VIF) statistic. There 

is differing advice on what constitutes an acceptable degree of multicollinearity. It is generally 

suggested that “if the largest VIF is greater than 10 then there is cause for concern”, “if the 

average VIF is substantially greater than 1 then the regression may be biased” and 

“tolerance below 0.1 indicates a serious problem” (Field, 2013, p.325)1. 

The VIF is tested firstly with all relevant variables included. Individual variables that fail to 

meet the assumptions above are removed from the model. The VIF is then tested again on 

the final model to double-check for multicollinearity. In all of the models the individual variable 

VIF is no greater than 10 and the mean VIF is no greater than 2.5, suggesting that there is 

no cause for concern in these models. 

Goodness of fit 

Goodness of fit describes how well a model fits the data from which it is generated. It can be 

used to assess how well the data that the model predicts, corresponds to the data that has 

been collected. It can be measured using the R2 statistic. The R2 statistic is the coefficient of 

determination for multiple regression models and measures how well the data fits the model. 

It is reported as a percentage of the variation of the outcome explained by the variables 

included. As with any regression using survey data, we can only consider the variables for 

which we have data. Associations could be due to some unmeasured factor, and there may 

also be important unmeasured factors which are simply not captured in the model. Therefore, 

in social science research R2 can appear to be low, but this can be due to the complex nature 

of outcomes being investigated: a model with a low R2 can still be useful in understanding the 

relationships between variables. When calculating R2 statistics, the data cannot be weighted.  

The (un-weighted) R2 statistic for each model is included in the appendices below. 

Interaction effects 

Interactions can be used to test for the joint effect of two or more predictor variables on an 

outcome variable. It allows us to explore how the relationships between dependent and 

independent variables differ by context. For example, when researching the determinants of 

well-being, prior research showed that the effect of socio-economic conditions on well-being 

was different for males than for females. Therefore, an interaction between household 

deprivation and sex was added to the model. This found that in deprived households females 

reported higher well-being than males; however, in less deprived households it was the other 

way round. Looking at this interaction allows a more detailed understanding of how various 

variables interact to influence the dependent variable. 

Causality 

Regression analysis can identify relationships between factors; however, it cannot tell us 

about causality. While for some factors causality is fairly clear based on prior knowledge (e.g. 

material deprivation does not cause changes in Sex; Sex causes changes in material 

 
1 Field, A. (2013). Discovering statistics using IBM SPSS statistics. Sage. 



deprivation), for others the relationship between cause and effect is more blurred (e.g. low 

life satisfaction can cause material deprivation; material deprivation can cause low life 

satisfaction). Therefore, where prior knowledge does not make the direction of causality clear 

we have generally noted that causality can operate in either direction (or both). 

Weighting 

The results of the National Survey are weighted to compensate for unequal selection 

probabilities and differential non-response (i.e. to ensure that the age and sex distribution of 

the final dataset matches that of the population of Wales). Our regression models take the 

weights into account. For details of how the weights are calculated, see National Survey for 

Wales 2021-22 Technical Report. 

Marginal Effects 

The results are sometimes presented using marginal effects. This differs from the usual 

regression output, odds ratios. Odds are the probability of an event occurring divided by the 

probability of the event not occurring. Odds ratios are the ratio between two sets of odds. 

Odds ratios are somewhat abstract and can often be hard to interpret; indeed, are often 

misinterpreted2. Therefore, we turn the odds ratios in the model into predicted probabilities 

(risks). Using these we can calculate the probability of an individual in a specified group (e.g. 

female) meeting the regression criteria (e.g. being in material deprivation) and compare it 

with the probability for individuals not in the group (e.g. males). This is known as a marginal 

effect.  

Where we have used this approach, the results presented are Average Marginal Effects 

(AMEs). As an example, an AME for the effect of material deprivation on the probability of 

internet use would be calculated as follows: 

1. Generate a logistic regression model for internet use, including material deprivation as 

one of the predictors. 

2. Start at the first person in the dataset. 

3. Use the regression model to calculate a predicted probability that this person uses the 

internet, using their characteristics to set the values for all factors in the model except 

for material deprivation: set this factor to be ‘in material deprivation’. Record the 

predicted probability generated by the model for that person.  

4. Repeat for all the other people in the dataset. 

5. Take the mean of the predicted probabilities made for all these people. This is the 

average adjusted predicted probability of using the internet for living in a deprived 

household. 

6. Do steps 2 to 4 again, except this time setting the material deprivation factor for each 

person as being ‘not in material deprivation’. 

7. Take the mean of the predicted probabilities made for all these people. This is the 

average adjusted predicted probability of using the internet for people not in material 

deprivation. 

8. The difference between the two mean predicted probabilities calculated at steps 5 and 

7 is the Average Marginal Effect of material deprivation on internet use. 

For a more detailed description of Average Marginal Effects please see Williams (2012)3. 

 
2 See http://www.bmj.com/content/316/7136/989 for a brief discussion of the issues. 
3 Williams, R. (2012). Using the margins command to estimate and interpret adjusted predictions and marginal effects. 

https://gov.wales/sites/default/files/statistics-and-research/2022-07/national-survey-for-wales-april-2021-to-march-2022-technical-report.pdf
https://gov.wales/sites/default/files/statistics-and-research/2022-07/national-survey-for-wales-april-2021-to-march-2022-technical-report.pdf
http://www.bmj.com/content/316/7136/989
http://www.stata-journal.com/article.html?article=st0260


Statistically significant differences 

Estimates from the National Survey are subject to a margin of uncertainty. Part of the 

uncertainty comes from the fact that any randomly-selected sample of the population will give 

slightly different results from the results that would be obtained if the whole population was 

surveyed. This is known as sampling error. Confidence intervals can be used as a guide to 

the size of the sampling error. These intervals are calculated around a survey estimate and 

give a range within which the true value is likely to fall. In 95% of survey samples, the 95% 

confidence interval will contain the ‘true’ figure for the whole population (that is, the figure we 

would get if the survey covered the entire population).  

As with any survey, the National Survey is also subject to a range of other sources of error: 

for example, due to non-response; because respondents may not interpret the questions as 

intended or may not answer accurately; and because errors may be introduced as the survey 

data is processed.  

Where the text of our reports note a difference between two groups, we have checked to 

ensure that the confidence intervals for the two groups do not overlap. This suggests that the 

difference is statistically significant (but as noted above, is not as rigorous as carrying out a 

formal statistical test), i.e. that there is less than a 5% (1 in 20) chance of obtaining these 

results if there is no difference between the same two groups in the wider population. 

  



Hospital and GP services 

Main factors associated with having seen a GP 

Initial list of variables considered: DvAgeGrp5 – respondent age in 5 groups, Sex – respondent’s 

sex, DvLHB2019 – respondent’s local health board, DvEcoStat3 – economic status, DvUrbRur – 

lives in an urban or rural area, GenHealth - general health, DvFGHealth2 – having two or more 

healthy lifestyle behaviours, CvHad – had coronavirus, DvMatDep – living in material deprivation 

DvEthnicity – ethnicity, DvLLTI – has a limiting long-term illness. 

Variables removed due to missing values: None 

Variables removed as not being significant predictors on their own: None 

Variables removed due to multicollinearity: None 

Variables removed as not being significant predictors when part of a regression model: 

DvAgeGrp5, DvEcoStat3, DvEthnicity, DvFGHealth2, DvMatDep 

Final model 

  

 

 

 

https://gov.wales/hospital-and-gp-services-national-survey-wales-april-2021-march-2022


 

 

Main factors associated with reasons for not wanting/being able to see a GP 

Initial list of variables considered: DvAgeGrp5 – respondent age in 5 groups, Sex – respondent’s 

sex, DvLHB2019 – respondent’s local health board, DvEcoStat3 – economic status, DvUrbRur – 

lives in an urban or rural area, GenHealth - general health, DvFGHealth2 – having two or more 

healthy lifestyle behaviours, CvHad – had coronavirus, DvMatDep – living in material deprivation 

DvEthnicity – ethnicity, DvLLTI – has a limiting long-term illness. 

Variables removed due to missing values: None 

Variables removed as not being significant predictors on their own: None 

Variables removed due to multicollinearity: DvAgeGrp5 

Variables removed as not being significant predictors when part of a regression model: 

DvFGHealth2, Sex, DvEcoStat3, CvHad, DvEthnicity, DvLHB2019, DvUrbRur. 

Final model 

 

 



 

 

 

Main factors associated with seeing a GP 3 or more times within 12 months 

Initial list of variables considered: DvAgeGrp5 – respondent age in 5 groups, Sex – respondent’s 

sex, DvLHB2019 – respondent’s local health board, DvEcoStat3 – economic status, DvUrbRur – 

lives in an urban or rural area, GenHealth - general health, DvFGHealth2 – having two or more 

healthy lifestyle behaviours, CvHad – had coronavirus, DvMatDep – living in material deprivation 

DvEthnicity – ethnicity, DvLLTI – has a limiting long-term illness, GpMode – whether last 

appointment was held in-person or remotely. 

Variables removed due to missing values: None 

Variables removed as not being significant predictors on their own: None 

Variables removed due to multicollinearity: None 

Variables removed as not being significant predictors when part of a regression model: 

DvFGHealth2, DvEcoStat3, DvMatDep, GpMode, DvEthnicity, Sex, CvHad, DvUrbRur 

Final model 

 

 



 

 

 

Main factors associated with ease of booking last GP appointment 

Initial list of variables considered: DvAgeGrp5 – respondent age in 5 groups, Sex – respondent’s 

sex, DvLHB2019 – respondent’s local health board, DvEcoStat3 – economic status, DvUrbRur – 

lives in an urban or rural area, GenHealth - general health, DvFGHealth2 – having two or more 

healthy lifestyle behaviours, CvHad – had coronavirus, DvMatDep – living in material deprivation 

DvEthnicity – ethnicity, DvLLTI – has a limiting long-term illness, GpMode – whether last 

appointment was held face-to-face or remotely. 

Variables removed due to missing values: None 

Variables removed as not being significant predictors on their own: None 

Variables removed due to multicollinearity: None 

Variables removed as not being significant predictors when part of a regression model: 

DvEcoStat3, DvEthnicity, DvLLTI, DvFGHealth2, DvLHB2019, DvAgeGrp5, Sex, CvHad, 

DvMatDep 

Final model 

 

 



 

 

Main factors associated with satisfaction with last GP appointment 

Initial list of variables considered: DvAgeGrp5 – respondent age in 5 groups, Sex – respondent’s 

sex, DvLHB2019 – respondent’s local health board, DvEcoStat3 – economic status, DvUrbRur – 

lives in an urban or rural area, GenHealth - general health, DvFGHealth2 – having two or more 

healthy lifestyle behaviours, CvHad – had coronavirus, DvMatDep – living in material deprivation, 

DvEthnicity – ethnicity, DvLLTI – has a limiting long-term illness, GpMode – whether last 

appointment was held face-to-face or remotely. 

Variables removed due to missing values: None 

Variables removed as not being significant predictors on their own: None 

Variables removed due to multicollinearity: None 

Variables removed as not being significant predictors when part of a regression model: DvUrbRur, 

Sex, DvEthnicity, DvLLTI, CvHad, DvAgeGrp5, DvFGHealth2, DvEcoStat3 

Final model 

 

 



 

 

 

Main factors associated with having seen another medical professional besides a GP 

Initial list of variables considered: DvAgeGrp5 – respondent age in 5 groups, Sex – respondent’s 

sex, DvLHB2019 – respondent’s local health board, DvEcoStat3 – economic status, DvUrbRur – 

lives in an urban or rural area, GenHealth3 - general health (split into 3 groups), DvFGHealth2 – 

having two or more healthy lifestyle behaviours, CvHad – had coronavirus, DvMatDep – living in 

material deprivation, DvEthnicity – ethnicity, DvLLTI – has a limiting long-term illness. 

Variables removed due to missing values: None 

Variables removed as not being significant predictors on their own: None 

Variables removed due to multicollinearity: None 

Variables removed as not being significant predictors when part of a regression model: DvMatDep, 

DvEcoStat3, DvUrbRur, DvFGHealth2, CvHad. 

Final model 

 

 



 

 

 

 

 

Main factors associated with having seen a medical professional besides a GP 3 or more 

times within 12 months 

Initial list of variables considered: DvAgeGrp5 – respondent age in 5 groups, Sex – respondent’s 

sex, DvLHB2019 – respondent’s local health board, DvEcoStat3 – economic status, GpPractMode 

– whether last appointment was held face-to-face or remotely, DvUrbRur – lives in an urban or 

rural area, GenHealth3 - general health (split into 3 groups), DvFGHealth2 – having two or more 

healthy lifestyle behaviours, CvHad – had coronavirus, DvMatDep – living in material deprivation, 

DvEthnicity – ethnicity, DvLLTI – has a limiting long-term illness. 

Variables removed due to missing values: None 

Variables removed as not being significant predictors on their own: None 

Variables removed due to multicollinearity: DvAgeGrp5 

Variables removed as not being significant predictors when part of a regression model: 

DvFGHealth2, DvMatDep, CvHad, DvUrbRur, DvEthnicity, DvLLTI, Sex, DvLHB2019, 

DvEcoStat3, GpPractMode. 



Final model 

 

 

Main factors associated with reasons for not seeing a medical professional besides a GP 

Initial list of variables considered: DvAgeGrp5 – respondent age in 5 groups, Sex – respondent’s 

sex, DvLHB2019 – respondent’s local health board, DvEcoStat3 – economic status, DvUrbRur – 

lives in an urban or rural area, GenHealth3 - general health (split into 3 groups), DvFGHealth2 – 

having two or more healthy lifestyle behaviours, CvHad – had coronavirus, DvMatDep – living in 

material deprivation, DvEthnicity – ethnicity, DvLLTI – has a limiting long-term illness. 

Variables removed due to missing values: None 

Variables removed as not being significant predictors on their own: None 

Variables removed due to multicollinearity: None 

Variables removed as not being significant predictors when part of a regression model: Sex, 

DvEthnicity, DvLHB2019, DvFGHealth2, DvEcoStat3 

Final model 

 

 

 



 

 

 

Main factors associated with reasons for ease of booking a medical professional 

appointment 

Initial list of variables considered: DvAgeGrp5 – respondent age in 5 groups, Sex – respondent’s 

sex, DvLHB2019 – respondent’s local health board, DvEcoStat3 – economic status, HspMode – 

whether last appointment was held face-to-face or remotely, DvUrbRur – lives in an urban or rural 

area, GenHealth3 - general health (split into 3 groups), DvFGHealth2 – having two or more 

healthy lifestyle behaviours, CvHad – had coronavirus, DvMatDep – living in material deprivation, 

DvEthnicity – ethnicity, DvLLTI – has a limiting long-term illness. 

Variables removed due to missing values: None 

Variables removed as not being significant predictors on their own: None 

Variables removed due to multicollinearity: DvAgeGrp5 

Variables removed as not being significant predictors when part of a regression model: 

GenHealth3, DvFGHealth2, DvEthnicity, Sex, DvEcoStat3, CvHad, DvLLTI, DvLHB2019 

Final model 

 

 



 

 

Main factors associated with satisfaction with last medical professional appointment 

Initial list of variables considered: DvAgeGrp5 – respondent age in 5 groups, Sex – respondent’s 

sex, DvLHB2019 – respondent’s local health board, DvEcoStat3 – economic status, HspMode – 

whether last appointment was held face-to-face or remotely, DvUrbRur – lives in an urban or rural 

area, GenHealth3 - general health (split into 3 groups), DvFGHealth2 – having two or more 

healthy lifestyle behaviours, CvHad – had coronavirus, DvMatDep – living in material deprivation, 

DvEthnicity – ethnicity, DvLLTI – has a limiting long-term illness. 

Variables removed due to missing values: None 

Variables removed as not being significant predictors on their own: None 

Variables removed due to multicollinearity: DvAgeGrp5 

Variables removed as not being significant predictors when part of a regression model: 

DvLHB2019, DvLLTI, DvUrbRur, CvHad, Sex, DvFGHealth2, GenHealth3, DvEthnicity, DvMatDep 

Final model 

 

 

 

Main factors associated with having a hospital appointment in the last 12 months 

Initial list of variables considered: DvAgeGrp5 – respondent age in 5 groups, Sex – respondent’s 

sex, DvLHB2019 – respondent’s local health board, DvEcoStat3 – economic status, HspMode – 

whether last appointment was held face-to-face or remotely, DvUrbRur – lives in an urban or rural 

area, GenHealth3 - general health (split into 3 groups), DvFGHealth2 – having two or more 

healthy lifestyle behaviours, CvHad – had coronavirus, DvMatDep – living in material deprivation, 

DvEthnicity – ethnicity, DvLLTI – has a limiting long-term illness. 

Variables removed due to missing values: None 

Variables removed as not being significant predictors on their own: None 



Variables removed due to multicollinearity: None 

Variables removed as not being significant predictors when part of a regression model: DvMatDep, 

DvEcoStat3, DvUrbRur, DvEthnicity, CvHad 

Final model 

 

 

 

 

 

 

  



Main factors associated with having 3 or more hospital appointments in the last 12 months 

Initial list of variables considered: DvAgeGrp5 – respondent age in 5 groups, Sex – respondent’s 

sex, DvLHB2019 – respondent’s local health board, DvEcoStat3 – economic status, HspMode – 

whether hospital appointment was held in person or remotely, DvUrbRur – lives in an urban or 

rural area, GenHealth3 - general health (split into 3 groups), DvFGHealth2 – having two or more 

healthy lifestyle behaviours, CvHad – had coronavirus, DvMatDep – living in material deprivation, 

DvEthnicity – ethnicity, DvLLTI – has a limiting long-term illness. 

Variables removed due to missing values: None 

Variables removed as not being significant predictors on their own: None 

Variables removed due to multicollinearity: None 

Variables removed as not being significant predictors when part of a regression model: 

DvLHB2019, CvHad, HspMode, DvUrbRur, DvFGHealth2, DvAgeGrp5, DvEcoStat3, DvMatDep, 

Sex 

Final model 

 

 

 

 

Main factors associated with being satisfied with the care received at last hospital 

appointment 

Initial list of variables considered: DvAgeGrp5 – respondent age in 5 groups, Sex – respondent’s 

sex, DvLHB2019 – respondent’s local health board, DvEcoStat3 – economic status, HspPatType – 

hospital patient type, HspMode – whether hospital appointment was held in person or remotely, 

DvUrbRur – lives in an urban or rural area, GenHealth3 - general health (split into 3 groups), 

DvFGHealth2 – having two or more healthy lifestyle behaviours, CvHad – had coronavirus, 

DvMatDep – living in material deprivation, DvEthnicity – ethnicity, DvLLTI – has a limiting long-

term illness. 

Variables removed due to missing values: None 



Variables removed as not being significant predictors on their own: None 

Variables removed due to multicollinearity: None 

Variables removed as not being significant predictors when part of a regression model: DvMatDep, 

DvEcoStat3, DvFGHealth2, Sex, DvLLTI, DvAgeGrp5, DvUrbRur, DvLHB2019 

Final model 

 

 

 

 

  



Poverty and Deprivation 

Main factors associated with adults being in material deprivation 

Initial list of variables considered: DvAgeGrp5 – respondent age in 5 groups, DvTenurGrp2 – 

Household type (tenure), DvEthnicity – ethnicity, DvEcoStat3 – economic status, DvHiQual2_1 – 

highest qualification, DvHhUnd16 – household contains children under 16, DvLLTI – has a limiting 

long-term illness, DvFGLonely – feels lonely, DvFGComm – has a sense of community, 

DvWbSatlifeGrp4 – overall life satisfaction, DvWbLifeWrthGrp4 – feels life is worthwhile, 

DvWbHapYestGrp4 – level of happiness yesterday, DvWbAnxYestGrp4 – level of anxiety 

yesterday, Dvgenhealth3 – general health,  DvMarStat – marital status, DvIntPersUse – personally 

uses internet, Sex – respondent’s sex, LaOvSat – overall satisfaction with their local area, CarUse 

– household has access to a car or van, DvUrbRur – lives in an urban or rural area,  DvWIMDOvr5 

– overall Welsh Index of Multiple Deprivation score, DvLA – local authority, DvFGSport – 

participated in 3+ sporting activities a week, SfHmDark – level of safety felt at home after dark, 

DvReligion_1 – religious beliefs. 

Variables removed due to missing values: None 

Variables removed as not being significant predictors on their own: None 

Variables removed due to multicollinearity: DvWbLifeWrthGrp4 

Variables removed as not being significant predictors when part of a regression model: 

DvIntPersUse, DvUrbRur, LaOvSat, DvWbAnxYestGrp4, DvEthnicity, DvLA, SfHmDark, 

DvWbHapYestGrp4 

Final model 

 

 

 

https://www.gov.wales/poverty-and-deprivation-national-survey-wales-april-2021-march-2022


 

 

 

 

 

 

 



 

 

 

 

 

 

Main factors associated with using a food bank in the last 12 months 

Initial list of variables considered: DvAgeGrp5 – respondent age in 5 groups, DvTenurGrp2 – 

Household type (tenure), DvEthnicity – ethnicity, DvEcoStat3 – economic status, DvHiQual2_1 – 

highest qualification, DvLLTI – has a limiting long-term illness, DvWbSatlifeGrp4 – overall life 

satisfaction, Dvgenhealth3 – general health,  DvMarStat – marital status, DvCvWkingHh – 

household members who work, Sex – respondent’s sex, DvHhUnd16 – household contains 

children under 16, CarUse – household has access to a car or van, DvUrbRur – lives in an urban 

or rural area, DvFinBilCred_1 – whether keeping up with bills, FPSmSkp – had smaller meals or 

skipped meals, FPSubMeal – had a day without substantial meal in last 14 days, DvWIMDOvr5 – 

overall Welsh Index of Multiple Deprivation score. 

Variables removed due to missing values: None 



Variables removed as not being significant predictors on their own: None 

Variables removed due to multicollinearity: DvAgeGrp5 (changed to DvAgeGrp3 – respondent age 

in 3 groups) 

Variables removed as not being significant predictors when part of a regression model: 

DvEthnicity, DvWIMDOvr5, Sex, DvMarStat, Dvgenhealth3, DvEcoStat3, DvHhUnd16, 

DvWbSatlifeGrp4, DvUrbRur,  

Final model 

 

 

 

 

 



 

 

 

 

Main factors associated with having received Universal Credit in the last 3 months 

Initial list of variables considered: DvAgeGrp5 – respondent age in 5 groups, DvTenurGrp2 – 

Household type (tenure), DvEthnicity – ethnicity, DvEcoStat3 – economic status, DvHiQual2_1 – 

highest qualification, DvLLTI – has a limiting long-term illness, DvWbSatlifeGrp4 – overall life 

satisfaction, Dvgenhealth3 – general health, DvCvWkingHh – household members who work, Sex 

– respondent’s sex, DvHhUnd16 – household contains children under 16, CarUse – household 

has access to a car or van, DvUrbRur – lives in an urban or rural area, DvFinBilCred_1 – whether 

keeping up with bills. 

Variables removed due to missing values: None 

Variables removed as not being significant predictors on their own: None 

Variables removed due to multicollinearity: None 

Variables removed as not being significant predictors when part of a regression model: 

DvEthnicity, DvUrbRur, DvWbSatlifeGrp4, Sex, DvAgeGrp5, 

Final model 

 



 

 

 

 

 

 

 

 



 
For further information please contact: 
 
   National Survey Team 
   Social Research and Information Division  
   Knowledge and Analytical Services 
   Welsh Government, Cathays Park 
   Cardiff, CF10 3NQ 
   Email: surveys@gov.wales  
   Telephone: 03000 252021 
 
   Mae’r ddogfen yma hefyd ar gael yn Gymraeg.  
   This document is also available in Welsh. 
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